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Legislatures  worldwide  are  increasingly  developing  artificial  intelligence  (AI)  tools,
 yet  political  scientists still  lack  a  shared  framework  for  systematically  comparing
 them.  This  article  proposes  a  ‘Dual-Layer  Model’  for  analysing  parliamentary  AI
 tools,  distinguishing  between  what  these  tools  do  and  the  actors  involved  in  their
 use,  that  is,  where  inputs  originate  and  where  outputs  are  directed.  Building  on
 this  framework,  we  develop  a  classification  that  captures  how  AI  tools  support
 different  institutional  functions  within  parliament,  based  on  configurations of
 information  flow  between  actors.  This  approach  shifts  attention  from  technical
 functions  to  how  AI-generated outputs  are  embedded  in  relationships  among
 parliamentary  actors  and  between  parliament  and  the  public  and  provides  a
 basis  for  studying  the  institutional  consequences  of  AI  adoption,  the  distribution
 of  informational  resources  and  capacities,  and  the  strategic  choices  guiding  the
 development  of  specific  tools.  Drawing  on  evidence  from  eleven  parliamentary
 chambers,  we  show  that  the  adoption  of  AI  tools  is  currently  shaped  by  an
 efficiency-led  logic.  Most  tools  are  used  to  support  the  work  of  parliamentary
 staff  and  offices,  consistent  with  earlier  patter  ns  of  inter  net  diffusion  in  par-
 liaments,  while  tools  used  by  legislators  or  incorporating  citizen  input  remain
 comparatively  limited.  At  the  same  time,  patter  ns  of  adoption  do  not  converge
 towards  a  common  portfolio  of  AI  tools  across  legislatures.
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‘All  we  he  ar  f  rom  G  over  nment  Memb  ers  is  ChatGPT-generated  press  rele  as  es—
 “I  r  is  e  to  sp  e  ak,”  “I  r  is  e  to  sp  e  ak,”  “I  r  is  e  to  sp  e  ak.”  ChatGPT  knows  you  are
 t  here.  That  is  an  Amer  icanism  t  hat  we  do  not  us  e.’

 

 MP  Tom  Tugendhat,  UK  Hous  e  of  C  ommons  debate,
 

 9  S  eptemb  er  2025 1

Since  t  he  public  launch  of  O  p  enAI’s  C  hatGPT  in  late  2022,  ar  t  ificia  l  intel  ligence
 (AI)  has  quick  ly  b  e  come  emb  e  dde  d  in  many  asp  e  c  ts  of  mo  der  n  life.  AI  to  ols
 us  e  dat  a-dr  iven  a  lgor  it  hms  to  t  ransfor  m  human  inputs  into  outputs  t  hat  supp  or  t
 workflows  and  de  cision-ma  king.  AI  now  shap  es  not  on  ly  t  he  e  ver  yday  lives  of
 cit  izens  but  a  lso  t  he  op  erat  ions  of  public  administ  rat  ion  ( Zuider  wijk  et  a  l.,  2021).
 Parliaments  have  not  b  e  en  st  rangers  to  t  his  t  rend,  wit  h  t  he  Inter-Parliament  ar  y
 Union  (IPU)  do  c  ument  ing  at  le  ast  72  AI  to  ols  in  us  e  or  under  de  velopment  in
 leg  islatures  worldwide  as  of  Januar  y  2025 (2025a).  Evidence  of  AI  us  e  by  MPs  can
 a  lso  b  e  found,  for  inst  ance,  in  one  of  t  he  world’s  oldest  p  arliaments,  West  minster,
 w  here  ele  c  te  d  memb  ers  have  b  e  en  ca  l  ling  e  ach  ot  her  out  for  draft  ing  sp  e  e  ches  wit  h
 C  hatGPT.  Not  ably,  t  he  expression  ‘I  r  is  e  to  sp  e  a  k,’  an  Amer  icanism  atypica  l  of
 Br  it  ish  p  arliament  ar  y  p  arlance,  has  t  r  iple  d  in  f  re  quenc  y  in  2025  comp  are  d  to  t  he
 2020–2024  average. 2

Parliament  ar  y  ac  tors  are  b  eg  inning  to  re  ckon  wit  h  AI  b  ot  h  as  a  regu  lator  y  cha  l-
 lenge  and  as  an  opp  or  tunity  to  mo  der  nize  and  st  rengt  hen  demo  crat  ic  inst  itut  ions.
 Wit  hin  leg  islat  ive  studies,  howe  ver,  res  e  arch  on  p  arliament  ar  y  AI  remains  at  an
 embr  yonic  st  age.  E  xist  ing  work  has  fo  c  us  e  d  pr  imar  i  ly  on  et  hica  l  and  regu  lator  y
 issues  (e.g.  Fitsi  lis  et  a  l.,  2025)  and,  w  hen  examining  exist  ing  to  ols,  has  most  ly
 comp  are  d  t  hem  f  rom  a  te  chnica  l  st  andp  oint,  b  ase  d  on  t  he  prac  t  ica  l  t  asks  t  he  y
 p  er  for  m  (e.g.  chatb  ots,  t  rans  cr  ipt  ion  systems,  automate  d  classificat  ion  systems).
 

What  remains  missing  is  a  share  d  inter  pret  ive  f  rame  work  for  systemat  ica  l  ly
 comp  ar  ing  p  arliament  ar  y  AI  to  ols  t  hat  captures  not  on  ly  w  hat  t  hes  e  to  ols  do,  but
 a  lso  how  t  he  y  are  emb  e  dde  d  in  relat  ionships  among  p  arliament  ar  y  ac  tors  and
 b  etwe  en  p  arliament  and  t  he  public.  In  p  ar  t  ic  u  lar,  we  lack  a  classificat  ion  cap  able  of
 captur  ing  how  t  hes  e  to  ols  supp  or  t  different  inst  itut  iona  l  f  unc  t  ions  wit  hin  p  arlia-
 ment.  Such  a  classificat  ion  wou  ld  help  situate  t  he  study  of  p  arliament  ar  y  AI  more
 cle  arly  wit  hin  a  leg  islat  ive  studies  agenda  by  enabling  ana  lysis  of  b  ot  h  t  he  p  ower
 implicat  ions  of  AI  to  ols  and  t  he  inst  itut  iona  l  dynamics  b  ehind  t  heir  adopt  ion.  It
 wou  ld  a  lso  ma  ke  it  p  ossible  to  comp  are  AI  to  ols  across  p  arliament  ar  y  chamb  ers
 not  on  ly  in  ter  ms  of  t  heir  te  chnica  l  f  unc  t  ions  and  ass  o  ciate  d  r  isks,  but  a  lso  in  ter  ms
 of  how  t  he  y  are  us  e  d  in  prac  t  ice,  how  t  he  y  reshap  e  p  ower  dynamics,  and  w  hat  c  ur-
 rent  adopt  ion  p  atter  ns  re  ve  a  l  ab  out  how  p  arliament  ar  y  dig  it  a  lizat  ion  is  e  volving.
 More  bro  ad  ly,  such  a  f  rame  work  wou  ld  lay  t  he  foundat  ions  for  a  more  systemat  ic

1Hous  e  of  C  ommons  Official  Rep  or  t  (Volume  772,  No.  183).  Available  at:  https://hansard.parliament.
uk  /commons/2025-  09-  09.  L  ast  access  ed:  5  June  2026.  
2UK  Hous  e  of  C  ommons  Hansard:  https://hansard.parliament.uk  /.  
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res  e  arch  agenda  on  AI  in  p  arliament,  comp  arable  to  t  hos  e  a  lre  ady  de  velop  e  d  in
 public  gover  nance  ( Zuider  wijk  et  a  l.,  2021),  lega  l  s  cholarship  ( Mittelst  adt  et  a  l.,
2016),  and  lab  our  e  conomics  ( Acemog  lu  and  Rest  rep  o  2019).
 

To  address  t  his  gap,  we  int  ro  duce  t  he  ‘D  ua  l-L  ayer  Mo  del,’  w  hich  appro  aches
 p  arliament  ar  y  AI  to  ols  holist  ica  l  ly  by  dist  inguishing  b  etwe  en  w  hat  t  he  y  do  in
 prac  t  ice  (t  he  ‘w  hat’  dimension)  and  t  he  ac  tors  involve  d  in  t  heir  us  e,  t  hat  is,  w  here
 inputs  or  ig  inate  and  w  here  outputs  are  dire  c  te  d  (t  he  ‘f  rom/to  w  hom’  dimension).
 Bui  lding  on  t  his  f  rame  work,  we  de  velop  a  classificat  ion  b  ase  d  on  configurat  ions
 of  infor  mat  ion  flow  b  etwe  en  ac  tors,  define  d  by  different  combinat  ions  of  input
 providers,  output  re  cipients,  and  t  he  dire  c  t  ion  of  infor  mat  ion  flow.  E  ach  categor  y
 captures  a  different  way  in  w  hich  AI-generate  d  outputs  are  emb  e  dde  d  in  rela-
 t  ionships  among  p  arliament  ar  y  ac  tors  and  b  etwe  en  p  arliament  and  t  he  public,
 and  t  hus  how  AI  to  ols  supp  or  t  different  inst  itut  iona  l  f  unc  t  ions  wit  hin  p  arliament
 (t  ransp  arenc  y  ;  public  involvement;  supp  or  t  MPs’  repres  ent  at  ive  leg  islat  ive,  and
 oversig  ht  ac  t  ivit  ies;  cler  ica  l  efficienc  y  ;  pro  ce  dura  l  efficienc  y).
 

Drawing  on  t  he  IPU’s  2025  rep  or  t  mapping  exist  ing  p  arliament  ar  y  AI  to  ols
 worldwide,  we  apply  our  f  rame  work  to  examine  p  atter  ns  of  AI  adopt  ion  and  us  e
 across  ele  ven  p  arliament  ar  y  chamb  ers  in  eig  ht  count  r  ies,  as  wel  l  as  t  he  Europ  e  an
 Parliament.  We  show  how  different  appro  aches  to  ana  lysing  AI  to  ols  can  sup-
 p  or  t  different  res  e  arch  agendas.  More  sp  e  cifica  l  ly,  t  he  ‘what  ’  dimension  can  help
 ident  if  y  t  he  e  conomic  and  te  chnolog  ica  l  condit  ions  faci  lit  at  ing  t  he  adopt  ion  of
 p  ar  t  ic  u  lar  typ  es  of  to  ols,  as  wel  l  as  t  he  et  hica  l  issues  t  he  y  rais  e  ( Flor  idi  and  As  cani
2025).  O  ur  classificat  ion,  inste  ad,  can  supp  or  t  t  he  ana  lysis  of  how  AI  adopt  ion
 may  reshap  e  inter  na  l  p  ower  relat  ions  ( Saa  lfeld  et  a  l.,  2022)  and  how  t  he  adopt  ion
 of  AI  to  ols  may  refle  c  t  st  rateg  ic  inst  itut  iona  l  choices  made  by  t  he  p  arliament  ar  y
 administ  rat  ion  ( L  eston-B  andeira  2014).  O  ur  findings  indicate  t  hat  leg  islatures
 tend  to  pr  ior  it  ize  AI  te  chnolog  ies  us  e  d  to  supp  or  t  t  he  work  of  p  arliament  ar  y
 st  aff  and  offices,  w  hi  le  dire  c  t  supp  or  t  for  leg  islators’  subst  ant  ive  ac  t  ivit  ies  and
 to  ols  incor  p  orat  ing  cit  izen  input  remain  relat  ively  limite  d.  At  t  he  s  ame  t  ime,
 p  atter  ns  of  adopt  ion  do  not  converge  towards  a  common  p  or  t  folio  of  AI  to  ols
 across  leg  islatures.  Alt  houg  h  b  ase  d  on  a  limite  d  s  ample,  our  e  vidence  sug  gests  t  hat
 Europ  e  an  p  arliament’s  place  g  re  ater  emphasis  on  to  ols  supp  or  t  ing  administ  rat  ive
 and  inter  na  l  workflows,  w  here  as  t  he  S  out  h  Amer  ican  cong  ress  es  in  our  s  ample  are
 more  li  kely  to  invest  in  to  ols  us  e  d  by  leg  islators  or  t  hat  faci  lit  ate  exchanges  wit  h
 t  he  public.  We  t  hus  conclude  t  hat  AI  adopt  ion  often  fol  lows  e  arlier  t  raj  e  c  tor  ies  of
 p  arliament  ar  y  dig  it  a  l  de  velopment  ( L  eston-B  andeira  2009;  S  er  ra-Si  lva  2022).
 

The  ar  t  icle  pro  ce  e  ds  as  fol  lows.  First,  it  re  vie  ws  exist  ing  res  e  arch  on  AI  in  p  ar-
 liament.  S  e  cond,  it  int  ro  duces  t  he  D  ua  l-L  ayer  Mo  del  and  de  velops  a  classificat  ion
 of  p  arliament  ar  y  AI  to  ols  b  ase  d  on  configurat  ions  of  infor  mat  ion  flow  b  etwe  en
 ac  tors.  Third,  it  examines  p  atter  ns  of  AI  adopt  ion  using  t  he  ‘w  hat’  dimension  and
 t  he  ac  tor-b  ase  d  classificat  ion,  comp  ar  ing  t  he  insig  hts  t  he  y  generate.  We  conclude
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wit  h  s  ome  fina  l  remarks  and  out  line  dire  c  t  ions  for  f  uture  res  e  arch.  This  work
 cont  r  ibutes  to  t  he  g  rowing  literature  on  AI  in  repres  ent  at  ive  inst  itut  ions,  as wel  l
 as  to  t  he  bro  ader  literature  on  p  arliament  ar  y  organizat  ion  and  b  ehaviour,  by
 int  ro  ducing  a  flexible  ana  lyt  ica  l  f  rame  work  and  a  classificat  ion  of  p  arliament  ar  y
 AI  to  ols  b  ase  d  on  configurat  ions  of  infor  mat  ion  flow  b  etwe  en  ac  tors,  a  longside
 comp  arat  ive  empir  ica  l  e  vidence.
 

1.  The  state  of  research  on  artificial  intelligence  in  parliament
 

One  of  t  he  core  pr  inciples  of  mo  der  n  demo  crac  y  is  t  hat  leg  islatures  f  unc  t  ion
 as  ele  c  te  d,  repres  ent  at  ive  b  o  dies  indep  endent  of  ot  her  branches  of  gover  nment.
 Histor  ica  l  ly,  t  his  autonomy  has  b  e  en  s  e  c  ure  d  and  pres  er  ve  d  t  hroug  h  const  itu-
 t  iona  l  r  u  les  and  t  he  pres  ence  of  inter  na  l  administ  rat  ive  b  o  dies  t  hat  supp  or  t  t  he
 inst  itut  ion’s  pr  incip  a  l  f  unc  t  ions  by  manag  ing  infor  mat  ion,  pro  cessing  leg  isla-
 t  ive  mater  ia  ls,  and  co  ordinat  ing  day-to-day  ac  t  ivit  ies  ( C  hr  ist  ians  en  et  a  l.,  2023).
 According  ly,  p  arliaments  have  prog  ressively  de  velop  e  d  dig  it  a  l  inf  rast  r  uc  tures  to
 improve  inter  na  l  f  unc  t  ioning  and  efficienc  y  ( Konrat  h  and  R  at  hmair  2026).  AI
 to  ols  for  m  p  ar  t  of  t  his  t  raj  e  c  tor  y.  Since  2019, leg  islatures  have  b  egun  de  veloping
 such  to  ols  in-hous  e  to  re  duce  dep  endence  on  exter  na  l  providers,  mit  igate  t  he  r  isk
 of  vendor  lo  ck-in,  and  limit  t  he  circ  u  lat  ion  of  s  ensit  ive  infor  mat  ion  b  e  yond  t  he
 inst  itut  ion  ( Fitsi  lis  et  a  l.,  2025).
 

The  ne  e  d  for  ne  w  Infor  mat  ion  and  C  ommunicat  ion  Te  chnolog  ies  (ICTs)
 b  e  came  p  ar  t  ic  u  larly  s  a  lient  dur  ing  t  he  C  OVID-19  p  andemic,  w  hen  t  he  pressure  to
 ma  ke  de  cisions  under  emergenc  y  condit  ions  and  to  ensure  inst  itut  iona  l  cont  inuity
 t  hroug  h  remote  and  hy  br  id  working  ar  rangements  exp  os  e  d  t  he  limit  at  ions  of
 exist  ing  te  chnolog  ica  l  inf  rast  r  uc  tures  ( Mencarel  li  2022).  In  resp  ons  e,  many
 leg  islatures  launche  d  or  exp  ande  d  mu  lt  i-ye  ar  dig  it  a  l  mo  der  nizat  ion  init  iat  ives
 ( Inter-Parliament  ar  y  Union  2024).  This  t  raj  e  c  tor  y  cont  inue  d  f  rom  late  2022
 onwards,  as  t  he  us  e  of  AI  b  e  came  more  widespre  ad  across  s  o  ciety.  Parliaments
 have  since  s  oug  ht  to  adopt  AI  to  ols  to  mo  der  nize  t  heir  inter  na  l  pro  cess  es  and
 communicat  ion,  as wel  l  as  to  avoid  app  e  ar  ing  dis  conne  c  te  d  f  rom  a  rapid  ly
 e  volving  s  o  cia  l  and  te  chnolog  ica  l  environment  ( Flor  idi  and  As  cani  2025).
 C  ons  e  quent  ly,  we  a  lt  hier  and  more  dig  it  a  l  ly  advance  d  leg  islatures,  p  ar  t  ic  u  larly
 t  hos  e  t  hat  had  pre  viously  investe  d  in  op  en  dat  a  inf  rast  r  uc  tures,  b  egan  to  de  velop
 and  implement  p  arliament  ar  y  AI  to  ols  ( Kor  yzis  et  a  l.,  2025).
 

Ta  king  note  of  AI’s  rapid  diff  usion,  e  arly  res  e  arch  tur  ne  d  to  asking  w  hat  mig  ht
 b  e  come  of  p  arliaments  w  hen  leg  islators,  p  arliament  ar  y  st  aff,  and  cit  izens  employ
 to  ols  ‘cap  able  of  generat  ing  infor  mat  iona  l  adde  d  va  lue  by  le  verag  ing  large  dat  as  ets
 and  a  lgor  it  hmic  pro  cess  es’  ( Fitsi  lis  and  de  Almeida  2024:  152).  S  cholars  examine  d
 not  on  ly  w  hat  such  to  ols  do,  but  a  lso  how  t  he  y  are  de  velop  e  d  and  gover  ne  d,  wit  h
 p  ar  t  ic  u  lar  attent  ion  to  r  isks  such  as  inacc  urac  y,  bias,  op  acity,  and  over  reliance,
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w  hich  may  distor  t  de  cision-ma  king  pro  cess  es  or  g  radua  l  ly  shift  t  hem  towards
 more  automate  d  for  ms  of  de  cision-ma  king  ( Tretter  2025;  Mobi  lio  et  a  l.,  2026).
 

Thes  e  concer  ns  are  esp  e  cia  l  ly  s  a  lient  in  repres  ent  at  ive  demo  crat  ic  inst  itut  ions,
 w  here  de  cisions  rely  on  account  abi  lity,  delib  erat  ion,  and  p  olit  ica  l  judgement.  The  y
 are  a  lso  refle  c  te  d,  for  example,  in  re  cent  init  iat  ives  such  as  t  he  IPU’s  work  on
 resp  onsible  AI  ( Inter-Parliament  ar  y  Union  2025b),  w  hich  out  lines  a  lter  nat  ive
 f  uture  s  cenar  ios  rang  ing  f  rom  an  ‘Aug  mente  d  Ass  embly,’  w  here  AI  supp  or  ts
 p  arliament  ar  y  work  w  hi  le  pres  er  ving  demo  crat  ic  integ  r  ity,  to  more  problemat  ic
 ones  in  w  hich  p  arliaments  b  e  come  incre  asing  ly  te  chno  crat  ic  or  fa  l  l  b  ehind  t  he
 exe  c  ut  ive  branch  due  to  limite  d  AI  cap  acity.
 

Alongside  t  his  pre  dominant  ly  nor  mat  ive  deb  ate,  exist  ing  res  e  arch  has  a  lso
 move  d  in  a  more  classificator  y  dire  c  t  ion.  Parliament  ar  y  AI  to  ols  are  p  ar  t  ic  u  larly
 wel  l-suite  d  to  conceptua  l  mapping  b  e  caus  e,  despite  heterogeneity  in  desig  n  and
 implement  at  ion,  t  he  y  can  b  e  des  cr  ibe  d  in  ter  ms  of  a  common  s  et  of  fe  atures  and
 are  de  velop  e  d  to  supp  or  t  a  common  s  et  of  administ  rat  ive,  leg  islat  ive,  and  p  ar  t  ici-
 p  ator  y  f  unc  t  ions  ( Pa  lmirani  2024).  C  onsider  ing  t  hes  e  elements,  e  arly  comp  arat  ive
 studies  have  main  ly  s  oug  ht  to  comp  are  p  arliament  ar  y  AI  to  ols  b  ase  d  on  w  hat  t  he  y
 do,  t  hat  is,  b  ase  d  on  t  he  te  chnica  l  f  unc  t  ions  t  he  y  p  er  for  m.  The  most  systemat  ic
 example  is  t  he  IPU’s  Us  e  C  as  e  Guide  (2025a),  w  hich  g  roups  p  arliament  ar  y  AI  to  ols
 into  six  categor  ies  b  ase  d  on  te  chnica  l  f  unc  t  ions:  bi  l  l  draft  ing  and  amendments;
 chatb  ots  and  us  er  supp  or  t;  classificat  ion  systems;  c  y  b  ers  e  c  ur  ity  and  applicat  ion
 de  velopment;  public  engagement  and  op  en  p  arliament;  and  t  rans  cr  ipt  ion  and
 t  ranslat  ion.  O  t  her  s  ources,  including  Búss  ola  Te  ch  (2024),  Pa  lmirani  et  a  l.’s  (2025)
rep  or  t,  and  t  he  Polish  C  hancel  ler  y  of  t  he  S  ejm’s  (2025)  sur  ve  y,  bro  ad  ly  converge
 on  simi  lar  t  ask-b  ase  d  categor  ies,  e  ven  if  t  he  y  differ  in  ana  lyt  ica  l  g  ranu  lar  ity  and
 emphasis.  To  i  l  lust  rate  t  hes  e  categor  ies  more  cle  arly,  t  he  des  cr  iptors  employe  d  by
 t  he  IPU  are  as  fol  lows:
 

1) Bill  drafting  and  amendments:  to  ols  t  hat  supp  or  t  t  he  draft  ing,  e  dit  ing,  re  vi-
 sion,  and  consistenc  y  che  cking  of  bi  l  ls  and  amendments. 

2) Chatbots  and  user  suppor  t  :  to  ols  t  hat  provide  assist  ance  for  f  re  quent  ly  aske  d
 quest  ions,  website  navigat  ion,  and  rout  ine  supp  or  t  re  quests. 

3) Classification  systems:  to  ols  t  hat  organize  p  arliament  ar  y  do  c  ument  at  ion
 t  hroug  h  automate  d  t  ag  g  ing,  rout  ing,  s  emant  ic  s  e  arch,  and  summar  izat  ion.  

4) Cybersecur  ity  and  application  development  :  to  ols  t  hat  supp  or  t  p  arliament  ar  y
 IT  f  unc  t  ions,  including  t  hre  at  dete  c  t  ion,  co  de  assist  ance,  and  relate  d  applica-
 t  ion  de  velopment  t  asks. 

5) Public  engagement  and  open  parliament  :  to  ols  t  hat  faci  lit  ate  communicat  ion
 wit  h  exter  na  l  ac  tors,  gat  her  public  input,  and  ma  ke  p  arliament  ar  y  infor  ma-
 t  ion  and  deb  ates  more  accessible  to  t  he  public. 
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6) Transcr  iption  and  translation:  to  ols  t  hat  conver  t  p  arliament  ar  y  sp  e  e  ch  into
 text,  provide  capt  ioning,  and  t  ranslate  pro  ce  e  dings  and  relate  d  mater  ia  ls.  

E  xist  ing  p  arliament  ar  y  AI  to  ols  t  hus  encomp  ass  a  wide  range  of  applicat  ions
 across  leg  islatures.  A  large  share  of  t  hes  e  to  ols  fo  c  us  es  on  do  c  ument  at  ion  and
 infor  mat  ion  management.  For  inst  ance,  ele  ven  p  arliament  ar  y  chamb  ers  include  d
 in  t  he  IPU  s  ample  have  implemente  d  AI  systems  for  t  he  automat  ic  t  rans  cr  ipt  ion
 of  p  arliament  ar  y  pro  ce  e  dings  and  t  he  generat  ion  of  verb  at  im  rep  or  ts.  O  t  hers
 supp  or  t  t  he  organizat  ion  and  ret  r  ie  va  l  of  leg  islat  ive  infor  mat  ion,  such  as  auto-
 mate  d  classificat  ion  systems  t  hat  t  ag  p  arliament  ar  y  do  c  uments  using  cont  rol  le  d
 vo  cabu  lar  ies,  for  example,  EuroVo  c  in  t  he  Europ  e  an  Parliament,  or  to  ols  t  hat
 generate  summar  ies  of  bi  l  ls  and  committe  e  pro  ce  e  dings.  Addit  iona  l  applicat  ions
 include  to  ols  supp  or  t  ing  leg  islat  ive  draft  ing  and  amendment  pro  cess  es,  such  as
 AI-assiste  d  draft  ing  systems  li  ke  t  he  CAMINAR  plat  for  m  in  C  hi  le,  as  wel  l  as
 convers  at  iona  l  inter  faces  such  as  chatb  ots  t  hat  a  l  low  us  ers  to  quer  y  p  arliament  ar  y
 infor  mat  ion  in  natura  l  language.
 

Thes  e  appro  aches  are  va  luable  b  e  caus  e  t  he  y  provide  a  share  d  vo  cabu  lar  y  for
 t  racing  genera  l  p  atter  ns  of  AI  adopt  ion  across  leg  islatures  and  for  ident  if  ying
 w  hich  to  ols  t  ravel  more  e  asi  ly  across  contexts  and  w  hich  remain  more  count  r  y-
 sp  e  cific.  In  t  his  s  ens  e,  te  chnica  l  f  unc  t  ion-b  ase  d  appro  aches  to  studying  p  arliamen-
 t  ar  y  AI  to  ols  are  esp  e  cia  l  ly  us  ef  u  l  for  w  hat  Flor  idi  and  As  cani  (2025)  des  cr  ibe  as  a
 ‘p  olit  ica  l  e  conomy’  res  e  arch  agenda  (p.  42),  as  t  he  y  ma  ke  it  p  ossible  to  examine
 how  we  a  lt  h,  dig  it  a  l  cap  acity,  and  ot  her  ‘offline  charac  ter  ist  ics  of  p  arliament  ar  y
 inst  itut  ions’  ( L  eston-B  andeira,  2007:  660)  shap  e  t  he  adopt  ion  of  different  kinds
 of  p  arliament  ar  y  AI  to  ols  across  leg  islat  ive  s  ett  ings.  At  t  he  s  ame  t  ime,  howe  ver,
 lab  el  ling  a  to  ol  by  w  hat  it  do  es  f  rom  a  te  chnica  l  st  andp  oint  is  not  sufficient
 to  underst  and  how  it  is  us  e  d  in  prac  t  ice  wit  hin  a  leg  islat  ive  and  repres  ent  at  ive
 context,  w  here  its  role  dep  ends  on  how  it  is  emb  e  dde  d  in  relat  ionships  b  etwe  en
 ac  tors.  From  t  his  p  ersp  e  c  t  ive,  to  ols  wit  h  t  he  s  ame  te  chnica  l  f  unc  t  ion  may  b  e
 us  e  d  by  different  ac  tors  for  different  pur  p  os  es.  This  is  t  he  cas  e,  for  example,
 wit  h  chatb  ots  and  us  er-supp  or  t  to  ols,  w  hich  may  assist  t  he  public  in  navigat  ing
 p  arliament  ar  y  infor  mat  ion,  supp  or  t  leg  islators  in  accessing  pro  ce  dura  l  or  lega  l
 guidance,  or  help  p  arliament  ar  y  st  aff  manage  inter  na  l  do  c  ument  at  ion.  C  onsidere  d
 solely  f  rom  t  he  p  ersp  e  c  t  ive  of  t  heir  te  chnica  l  f  unc  t  ions,  s  ome  to  ols  may  app  e  ar
 simi  lar,  yet  t  heir  implicat  ions  wit  hin  t  he  p  arliament  ar  y  context  differ  dep  ending
 on  w  here  t  heir  main  inputs  come  f  rom  and  w  here  t  heir  outputs  go.
 

As  a  resu  lt,  f  unc  t  ion-b  ase  d  appro  aches  shou  ld  b  e  complemente  d  by  a  p  ersp  e  c-
 t  ive  t  hat  can  ident  if  y  t  he  dire  c  t  ion  of  infor  mat  ion  flow  and  t  he  ac  tors  involve  d
 in  t  he  us  e  of  AI  to  ols  and  t  hus  how  t  hes  e  to  ols  supp  or  t  different  inst  itut  iona  l
 f  unc  t  ions  wit  hin  p  arliament.  C  aptur  ing  t  hes  e  elements  re  quires  an  ana  lyt  ica  l
 f  rame  work  t  hat  considers  not  on  ly  w  hat  p  arliament  ar  y  AI  to  ols  do,  but  a  lso
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how  t  he  y  are  emb  e  dde  d  in  relat  ionships  b  etwe  en  ac  tors.  The  ‘D  ua  l-L  ayer  Mo  del,’
 int  ro  duce  d  in t  he  next  s  e  c  t  ion,  is  desig  ne  d  to  do  exac  t  ly  t  hat.
 

2.  The  Dual-Layer  Model
 

C  onsider  ing  t  he  te  chnica  l  f  unc  t  ions  of  AI  to  ols  and  underst  anding  how  t  he
 underlying  te  chnolog  y  works  are  not,  on  t  heir  own,  sufficient  to  f  u  l  ly  ass  ess
 t  he  cons  e  quences  t  hes  e  to  ols  may  generate  wit  hin  p  arliament.  Ke  eping  exist  ing
 definit  ions  of  p  arliament  ar  y  AI  to  ols  in  mind,  t  he  ac  tors  involve  d  in  provid-
 ing  inputs  and  using  outputs  shou  ld  a  lso  b  e  incor  p  orate  d  into  t  he  ana  lysis,  as
 t  he  y  are  exp  e  c  te  d  to  b  enefit  most  dire  c  t  ly  f  rom  t  heir  adopt  ion  ( Fitsi  lis  and  de
Almeida  2024:  152).  As  note  d  by  t  he  Inter  nat  iona  l  L  ab  our  Organis  at  ion  (2024),
 generat  ive  AI  systems  ‘op  erate  by  t  a  king  us  er-provide  d  inputs  and  pro  ducing  ne  w
 content  [  .  .  .  ]  t  hat  is  t  hen  us  e  d  by  humans  in  downst  re  am  t  asks’  (p.  4).  It  fol  lows
 t  hat  a  more  complete  underst  anding  of  p  arliament  ar  y  AI  to  ols  re  quires  moving
 b  e  yond  t  he  ‘w  hat’  dimension  and  consider  ing  w  here  inputs  come  f  rom  and  w  here
 outputs  go.
 

We  refer  to  t  his  f  rame  work  as  t  he  ‘D  ua  l-L  ayer  Mo  del’  b  e  caus  e  it  br  ings  toget  her
 two  ana  lyt  ica  l  ly  dist  inc  t  but  conne  c  te  d  dimensions  of  p  arliament  ar  y  AI  to  ols:
 t  heir  ‘core  f  unc  t  ion’  (te  chnica  l  f  unc  t  ion)  and  t  he  ac  tors  involve  d  in  t  heir  us  e.
 Thes  e  cor  resp  ond  to  w  hat  we  ca  l  l  t  he  ‘w  hat’  dimension  and  t  he  ‘f  rom/to  w  hom’
 dimension,  resp  e  c  t  ively.  As  shown  in  Fig.  1,  t  he  ‘w  hat’  dimension  o  cc  upies  t  he
 cent  ra  l  phas  e  of  t  he  generat  ive  pro  cess,  as  it  refers  to  t  he  pro  cess  t  hroug  h  w  hich
 inputs  are  t  ransfor  me  d  into  outputs.  By  cont  rast,  t  he  ‘f  rom/to  w  hom’  dimension
 captures  t  he  ac  tors  involve  d  at  b  ot  h  t  he  b  eg  inning  and  t  he  end  of  t  his  pro  cess,
 as  t  he  y  provide  t  he  input  and  re  ceive  t  he  output.  Thes  e  two  layers  t  herefore
 cor  resp  ond  to  different  phas  es  in  how  AI  to  ols  op  erate  ( D  avis  2020).  We  bre  a  k
 t  his  pro  cess  into  t  hre  e  st  ages:
 

1. A  us  er  submits  a  re  quest  or  prompt  to  a  g  iven  AI  to  ol  (input  provider)—f  rom
 whom  comp  onent; 

2. The  AI  to  ol  pro  cess  es  t  he  re  quest  and  generates  an  output  (core  f  unc  t  ion)—
 what  comp  onent; 

3. The  output  is  re  ceive  d  by  its  imme  diate  re  cipient  (output  re  cipient)—to  whom
 comp  onent. 

Imp  or  t  ant  ly,  wit  hin  t  he  ‘f  rom/to  w  hom’  dimension,  t  he  output  re  cipient  do  es
 not  ne  cess  ar  i  ly  coincide  wit  h  t  he  input  provider.  Parliament  ar  y  AI  to  ols  may,  for
 inst  ance,  me  diate  b  etwe  en  exter  na  l  ac  tors  and  p  arliament  by  pro  cessing  cit  izen
 input  and  retur  ning  it  as  output  to  int  ra-p  arliament  ar  y  ac  tors  ( Si  lva  et  a  l.,  2021).
 In  such  cas  es,  cit  izens  provide  t  he  input,  w  hi  le  leg  islators  or  ot  her  p  arliament  ar  y
 ac  tors  re  ceive  and  us  e  t  he  output.
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Figure  1.  The  Dual-Layer  Model.  

C  onsidere  d  s  ep  arately,  t  he  ‘w  hat’  dimension  captures  w  hat  t  he  to  ol  do  es  f  rom
 a  te  chnica  l  st  andp  oint.  It  includes  t  he  pro  cess  es  t  hroug  h  w  hich  inputs  are  t  rans-
 for  me  d  into  outputs  and,  more  sp  e  cifica  l  ly,  t  he  dat  a  s  ources  on  w  hich  t  he  to  ol
 relies,  t  he  pro  ce  dures  gover  ning  how  t  hos  e  s  ources  are  access  e  d  and  pro  cess  e  d,
 and  t  he  deg  re  e  of  t  ransp  arenc  y,  ver  ifiabi  lity,  and  oversig  ht  ass  o  ciate  d  wit  h  its
 op  erat  ion  ( Mittelst  adt  et  a  l.,  2016). 3 The  ‘f  rom/to  w  hom’  dimension  dist  inguishes
 b  etwe  en  t  he  ac  tors  w  ho  submit  a  re  quest  to  t  he  AI  to  ol  (‘  input  provider’)  and
 t  hos  e  w  ho  are  t  he  imme  diate  re  cipients  of  t  he  generate  d  output  (‘output  re  cipient’).
 More  sp  e  cifica  l  ly,  t  his  dimension  considers  four  categor  ies  of  ac  tors:  (1)  MPs,
 (2)  p  arliament  ar  y  offices,  (3)  p  arliament  ar  y  st  aff,  and  (4) t  he  public.  We  t  re  at
 p  arliament  ar  y  offices  as  ana  lyt  ica  l  ly  dist  inc  t  f  rom  individua  l  leg  islators  b  e  caus  e,
 a  lt  houg  h  offices  may  include  or  b  e  ent  irely  comp  os  e  d  of  ele  c  te  d  memb  ers,  t  he  y
 p  er  for  m  organizat  iona  l  and  pro  ce  dura  l  f  unc  t  ions  t  hat  differ  f  rom  t  hos  e  car  r  ie  d
 out  by  MPs  ac  t  ing  in  t  heir  individua  l  cap  acity  as  ele  c  te  d  repres  ent  at  ives.
 

O  vera  l  l,  t  he  D  ua  l-L  ayer  Mo  del  provides  a  holist  ic  f  rame  work  for  organizing
 t  he  ke  y  infor  mat  iona  l  comp  onents  of  p  arliament  ar  y  AI  to  ols  in  a  way  t  hat  is
 comp  arable  across  cas  es.  It  ma  kes  it  p  ossible  to  des  cr  ibe  how  t  hes  e  to  ols  op  erate
 in  prac  t  ice  and  to  examine  how  t  he  y  are  emb  e  dde  d  in  relat  ionships  among  p  ar-
 liament  ar  y  ac  tors  and  b  etwe  en  p  arliament  and  t  he  public.  The  ‘w  hat’  dimension
 captures  t  he  te  chnica  l  pro  cess  es  t  hroug  h  w  hich  outputs  are  generate  d,  w  hi  le  t  he
 ‘f  rom/to  w  hom’  dimension  captures  w  here  inputs  come  f  rom  and  w  here  outputs
 go  b  etwe  en  ac  tors.  Ta  ken  toget  her,  t  hes  e  dimensions  provide  a  b  asis  for  ana  lysing
 b  ot  h  t  he  f  unc  t  ioning  of  p  arliament  ar  y  AI  to  ols  and  t  heir  p  otent  ia  l  implicat  ions  for
 t  he  dist  r  ibut  ion  of  infor  mat  iona  l  res  ources,  cap  acit  ies,  and  p  ower  dynamics  wit  hin

3We  do  not  treat  back-end  management  as  a  s  eparate  analytical  sub  dimension,  but  rather  as  a  s  et
 of  ethical,  epistemological,  pr  ivac  y-,  and  national-s  ec  ur  ity-related  considerations  that  under  pin  the
 ‘w  hat’  dimension.  While  thes  e  are  imp  or  tant  issues,  the  y  fall  outside  the  s  cop  e  of  this  study.  We
 thus  s  et  aside  back-end  management  considerations  for  future  res  earch  and  fo  c  us  instead  on  core
 func  tions  as  a  stable  basis  for  comparative  analysis.  
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p  arliament  ( St  r  ui  ´ c  2026).  In  w  hat  fol  lows,  we  bui  ld  on  t  his  f  rame  work  to  de  velop
 a  classificat  ion  of  p  arliament  ar  y  AI  to  ols  b  ase  d  on  configurat  ions  of  infor  mat  ion
 flow  b  etwe  en  ac  tors.
 

2.1  C  lassifi  c  ati  on  of  p  arliamentar  y  AI  to  ols  b  as  e  d  on  informati  on  fl  ow
 b  etwe  en  ac  tors
 

In  t  his  s  e  c  t  ion,  we  pres  ent  our  classificat  ion  of  p  arliament  ar  y  AI  to  ols.  Whi  le  t  he
 classificat  ion  is  u  lt  imately  organize  d  around  configurat  ions  of  input  providers,
 output  re  cipients,  and  t  he  dire  c  t  ion  of  infor  mat  ion  flow,  it  is  t  he  D  ua  l-L  ayer  Mo  del
 as  a  w  hole  t  hat  supplies  t  he  ana  lyt  ica  l  st  r  uc  ture  and  inter  pret  ive  context  ne  cess  ar  y
 to  ident  if  y  t  hes  e  elements  and  underst  and  how  t  he  y  combine.  In  p  ar  t  ic  u  lar,  input
 providers  and  output  re  cipients  are  dire  c  t  ly  der  ive  d  f  rom  t  he  ‘f  rom/to  w  hom’
 dimension,  w  hi  le  t  he  dire  c  t  ion  of  t  he  infor  mat  ion  flow  refle  c  ts  t  he  AI  generat  ive
 pro  cess  underlying  t  he  D  ua  l  L  ayer  Mo  del,  lin  king  inputs  to  outputs  across  t  he  two
 layers.  The  ‘w  hat’  dimension  helps  underst  and  how  AI  to  ols  work  in  prac  t  ice,
 providing  guidance  on  w  hich  are  t  he  input  providers  and  output  re  cipients.
 Ult  imately,  our  classificat  ion  is  cent  re  d  on  ac  tors,  as  t  he  y  are  more  dire  c  t  ly  t  ie  d
 to  inst  itut  iona  l  dynamics  wit  hin  p  arliament  and  are  t  herefore  more  st  able  across
 te  chnolog  ica  l  change  t  han  t  he  sp  e  cific  te  chnica  l  t  asks  p  er  for  me  d  by  AI  to  ols.
 Whi  le  t  he  s  cop  e  of  te  chnica  l  cap  abi  lit  ies  may  change  rapid  ly,  t  he  ways  in  w  hich
 to  ols  are  us  e  d  by  and  b  etwe  en  ac  tors  in  t  he  p  arliament  ar  y  context  are  arguably
 more  endur  ing  ( Fitsi  lis  and  de  Almeida  2024;  Pa  lmirani  2024).
 

We  define  our  categor  ies  according  to  t  he  dire  c  t  ion  of  infor  mat  ion  exchange
 b  etwe  en  t  he  ac  tors  ident  ifie  d  t  hroug  h  t  he  D  ua  l-L  ayer  Mo  del.  A  flow  is  ‘  inb  ound’
 w  hen  t  he  imme  diate  output  is  dire  c  te  d  to  ac  tors  wit  hin  p  arliament,  w  het  her  MPs,
 p  arliament  ar  y  st  aff,  or  p  arliament  ar  y  offices,  and  ‘outb  ound’  w  hen  it  is  dire  c  te  d
 to  ac  tors  outside  p  arliament,  namely  t  he  public.  The  resu  lt  ing  categor  ies  refle  c  t
 t  he  p  ossible  combinat  ions  of  input  providers,  output  re  cipients,  and  dire  c  t  ion  of
 inputs  and  outputs.  E  ach  categor  y  t  herefore  cor  resp  onds  to  a  dist  inc  t,  finite  s  et
 of  configurat  ions  of  ac  tors  and  dire  c  t  ion  of  infor  mat  ion  flow.  According  ly,  we
 ident  if  y  five  re  c  ur  r  ing  categor  ies:
 

1) Public  input  to  parliament  :  to  ols  t  hroug  h  w  hich  infor  mat  ion,  preferences,
 or  comments  or  ig  inat  ing  outside  p  arliament  are  pro  cess  e  d  and  dire  c  te  d  to
 ac  tors  wit  hin  p  arliament.  

2) MP  suppor  t  :  to  ols  us  e  d  by  MPs  in  t  heir  individua  l  cap  acity  as  ele  c  te  d  repre-
 s  ent  at  ives,  including  in  lawma  king  and  oversig  ht  ac  t  ivit  ies. 

3) Staff  suppor  t  :  to  ols  t  hat  supp  or  t  p  arliament  ar  y  st  aff  in  car  r  ying  out  adminis-
 t  rat  ive  and  do  c  ument  at  ion  work. 

4) Parliamentar  y  office  suppor  t  :  to  ols  t  hat  supp  or  t  p  arliament  ar  y  offices  in  t  he
 organizat  ion  of  p  arliament  ar  y  business  and  t  he  management  of  pro  ce  e  dings.  
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Figure  2.  The  classificatory  process.  

5) Public-facing  output  :  to  ols  t  hroug  h  w  hich  outputs  or  ig  inat  ing  wit  hin  p  arlia-
 ment  are  dire  c  te  d  to  t  he  public. 

As  shown  in  Fig.  2,  e  ach  categor  y  is  define  d  by  a  dist  inc  t,  finite  s  et  of  combina-
 t  ions  of  dire  c  t  ion  of  infor  mat  ion  flow,  input  provider,  and  imme  diate  output  re  cip-
 ient.  More  sp  e  cifica  l  ly,  public-facing  output  is  define  d  as  an  outb  ound,  inter  na  l-
 to-exter  na  l  flow,  w  hi  le  public  input  to  p  arliament  is  define  d  as  an  inb  ound,
 exter  na  l-to-inter  na  l  flow.  The  t  hre  e  remaining  categor  ies  cor  resp  ond  to  inb  ound,
 inter  na  l-to-inter  na  l  flows,  w  here  inputs  or  ig  inate  wit  hin  p  arliament,  and  are  dis-
 t  inguishe  d  by  t  he  ident  ity  of  t  he  imme  diate  output  re  cipient:  MP  supp  or  t  w  hen
 outputs  are  us  e  d  by  MPs,  st  aff  supp  or  t  w  hen  t  he  y  are  us  e  d  by  p  arliament  ar  y
 st  aff,  and  p  arliament  ar  y  office  supp  or  t  w  hen  t  he  y  are  us  e  d  by  p  arliament  ar  y
 offices.  For  completeness,  a  l  l  p  ossible  configurat  ions  are  liste  d  in  Table  A1  in  t  he
 App  endix.
 

The  categor  ies  we  der  ive  d  can  b  e  inter  prete  d  as  s  er  ving  different  inst  itut  iona  l
 f  unc  t  ions,  bro  ad  ly  a  lig  ning  wit  h  t  he  classic  p  arliament  ar  y  f  unc  t  ions  hig  h  lig  hte  d
 by  exist  ing  literature  (e.g.  L  eston-B  andeira  2007;  Nor  ton  1990):  public-facing
 output  cont  r  ibutes  to  transparenc  y  by  ma  king  p  arliament  ar  y  outputs  avai  lable  to
 t  he  public;  public  input  to  p  arliament  faci  lit  ates  public  involvement  by  pro  cessing
 inputs  or  ig  inat  ing  outside  p  arliament  for  ac  tors  wit  hin  p  arliament;  MP  supp  or  t
 cor  resp  onds  to  outputs  us  e  d  to  suppor  t  MPs’  representative,  leg  islative,  and  over-
 sight  activ  ities;  st  aff  supp  or  t  cor  resp  onds  to  outputs  us  e  d  by  p  arliament  ar  y  st  aff
 to  car  r  y  out  administ  rat  ive  and  do  c  ument  at  ion  work,  cont  r  ibut  ing  to  cler  ical  effi-
 cienc  y  ;  p  arliament  ar  y  office  supp  or  t  cor  resp  onds  to  outputs  us  e  d  by  p  arliament  ar  y
 offices  to  organize  p  arliament  ar  y  business  and  manage  pro  ce  e  dings,  cont  r  ibut  ing
 to  procedural  efficienc  y  .
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We  applie  d  t  his  classificator  y  s  cheme  to  t  he  72  p  arliament  ar  y  AI  to  ols  sur  ve  ye  d
 by  t  he  IPU  in  2025 to  i  l  lust  rate  t  he  gains  f  rom  moving  b  e  yond  a  te  chnica  l,
 f  unc  t  ion-b  ase  d  appro  ach  ( Table  A2  in  t  he  App  endix).  In  Fig.  A1  in  t  he  App  endix,
 we  cont  rast  t  he  IPU’s  te  chnica  l  (core)  f  unc  t  ions  (‘w  hat’  dimension)  wit  h  t  he  raw
 ‘f  rom/to  w  hom  dimension.’  The  figure  i  l  lust  rates  t  hat  te  chnica  l  f  unc  t  ions  do  not
 map  uniquely  onto  sp  e  cific  p  arliament  ar  y  ac  tors.  The  s  ame  typ  e  of  AI  to  ol  may
 involve  different  input  providers  and  output  re  cipients,  hig  h  lig  ht  ing  t  he  limits  of
 ana  lysing  p  arliament  ar  y  AI  s  olely  t  hroug  h  its  te  chnica  l  f  unc  t  ion.  We  a  lso  cont  rast
 t  he  te  chnica  l  f  unc  t  ion  wit  h  our  classificat  ion  t  hat  captures  how  AI  to  ols  supp  or  t
 different  inst  itut  iona  l  f  unc  t  ions  in  Fig.  A2  in  t  he  App  endix.  In  t  his  regard,  a
 p  aradig  mat  ic  example  is  to  ols  lab  el  le  d  by  t  he  IPU  as  p  er  for  ming  t  asks  relate  d  to
 ‘bi  l  l  draft  ing  and  amendments.’  C  onsidere  d  s  olely  t  hroug  h  t  he  ‘w  hat’  dimension,
 t  hes  e  to  ols  app  e  ar  to  b  elong  to  a  sing  le  categor  y  b  ase  d  on  te  chnica  l  f  unc  t  ion.  In
 our  classificat  ion,  howe  ver,  t  he  y  may  fa  l  l  into  different  categor  ies  dep  ending  on
 t  he  combinat  ion  of  input  provider,  output  re  cipient,  and  dire  c  t  ion  of  infor  mat  ion
 flow.  In  ot  her  words,  to  ols  ass  o  ciate  d  wit  h  t  he  s  ame  te  chnica  l  f  unc  t  ion,  such  as  ‘bi  l  l
 draft  ing  and  amendments,’  may  b  e  place  d  different  ly  once  t  he  ac  tors  involve  d  and
 t  he  dire  c  t  ion  of  infor  mat  ion  flow  are  t  a  ken  into  account,  for  example  dep  ending
 on  w  het  her  t  he  y  supp  or  t  p  arliament  ar  y  st  aff,  offices,  or  MPs.
 

To  s  e  e  t  his  more  cle  arly,  consider  t  he  example  of  an  AI  to  ol  de  velop  e  d  by  t  he
 It  a  lian  S  enate  t  hat  automat  ica  l  ly  deter  mines  t  he  vot  ing  order  of  prop  os  e  d  amend-
 ments.  Alt  houg  h  t  he  IPU  places  it  under  bi  l  l  draft  ing  and  amendments,  t  he  D  ua  l-
 L  ayer  Mo  del  shows  t  hat  its  role  wit  hin  p  arliament  is  more  sp  e  cific:  a  p  arliament  ar  y
 office  provides  t  he  input,  and  t  he  s  ame  p  arliament  ar  y  office  re  ceives  t  he  output
 (inter  na  l-to-inter  na  l).  The  to  ol  t  hus  fa  l  ls  under  p  arliament  ar  y  office  supp  or  t  in
 our  classificat  ion,  as  it  cont  r  ibutes  to  pro  ce  dura  l  efficienc  y  by  supp  or  t  ing  t  he
 management  of  amendment  dis  c  ussion  and  vot  ing.  C  onsider  anot  her  example:  a
 to  ol  de  velop  e  d  by  t  he  C  hi  le  an  C  hamb  er  of  D  eput  ies  t  hat  helps  leg  islators  manage
 t  heir  p  arliament  ar  y  a  l  lowances.  The  to  ol  fa  l  ls  wit  hin  t  he  IPU’s  chatb  ots  and  us  er
 supp  or  t  categor  y,  b  ase  d  on  its  te  chnica  l  f  unc  t  ion.  This  des  cr  iptor,  in  its  elf,  do  es  not
 indicate  w  hich  ac  tors  are  involve  d  in  its  us  e.  One  mig  ht  e  ven  assume  t  hat  a  chatb  ot
 is  pr  imar  i  ly  us  e  d  by  t  he  public.  Howe  ver,  once  it  is  est  ablishe  d  t  hat  leg  islators
 are  b  ot  h  input  providers  and  imme  diate  output  re  cipients  (inter  na  l-to-inter  na  l),
 it  b  e  comes  cle  ar  t  hat,  moving  f  rom  te  chnica  l  to  inst  itut  iona  l  f  unc  t  ions,  such  a  to  ol
 is  more  acc  urately  classifie  d  as  MP  supp  or  t,  as  it  assists  MPs  in  t  heir  ac  t  ivit  ies.
 

More  genera  l  ly,  t  hes  e  examples  indicate  t  hat  t  he  ‘w  hat’  dimension,  t  a  ken  in
 is  olat  ion,  is  insufficient  to  ident  if  y  how  a  g  iven  to  ol  is  us  e  d  in  t  he  p  arliamen-
 t  ar  y  context.  This  b  e  comes  ana  lyt  ica  l  ly  visible  w  hen  it  is  considere  d  a  longside
 t  he  configurat  ion  of  ac  tors  involve  d  and  t  he  dire  c  t  ion  of  infor  mat  ion  flow.  By
 ma  king  t  his  relat  ionship  explicit,  t  he  classificat  ion  de  velop  e  d  in  t  his  s  e  c  t  ion  can
 a  lso  b  e  extende  d  to  f  uture  p  arliament  ar  y  AI  to  ols,  regard  less  of  te  chnolog  ica  l
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de  velopments,  as  long  as  t  he  ac  tors  involve  d  and  t  he  dire  c  t  ion  of  infor  mat  ion
 flow  can  b  e  ident  ifie  d.  In  t  his  resp  e  c  t,  t  he  classificat  ion  may  a  l  low  t  he  emerg  ing
 literature  on  p  arliament  ar  y  AI  to  conne  c  t  more  dire  c  t  ly  wit  h  e  arlier  res  e  arch  on
 t  he  diff  usion  of  ICTs  in  p  arliaments  ( L  eston-B  andeira  2007),  w  hich  has  shown
 t  hat  te  chnolog  ica  l  innovat  ions  are  not  adopte  d  exclusively  for  prac  t  ica  l  re  as  ons
 but  may  a  lso  refle  c  t  bro  ader  inst  itut  iona  l  and  st  rateg  ic  log  ics,  as  in  t  he  cas  e  of
 leg  islatures  t  hat  de  velop  e  d  inter  net  te  chnolog  ies  aime  d  at  incre  asing  t  ransp  arenc  y
 to  st  rengt  hen  t  heir  public  leg  it  imac  y  ( L  eston-B  andeira  2014).
 

From  t  his  p  ersp  e  c  t  ive,  p  arliament  ar  y  AI  to  ols  shou  ld  not  b  e  t  re  ate  d  simply  as
 neut  ra  l  te  chnolog  ica  l  de  vices,  but  a  lso  as  inst  r  uments  cap  able  of  reshaping  t  he
 cap  acit  ies  and  infor  mat  iona  l  res  ources  avai  lable  to  different  ac  tors  and,  in  s  o  doing,
 a  lter  ing  t  heir  relat  ive  p  osit  ions  and  p  ower  dynamics  wit  hin  t  he  p  arliament  ar  y
 e  cosystem  ( St  r  ui  ´ c  2026).  O  ur  classificat  ion  can  t  herefore  supp  or  t  f  uture  res  e  arch
 on  t  he  inst  itut  iona  l  cons  e  quences  of  AI  adopt  ion,  t  he  dist  r  ibut  ion  of  infor  mat  iona  l
 advant  ages  and  cap  acit  ies  wit  hin  p  arliament,  and  t  he  st  rateg  ic  choices  guiding  t  he
 de  velopment  of  sp  e  cific  to  ols.  St  i  l  l,  we  j  oin  t  he  literature  in  emphasizing  t  hat  a
 f  u  l  l  ass  essment  of  t  hes  e  to  ols  re  quires  attent  ion  to  t  heir  b  ack-end  management,
 including  t  he  dat  a  s  ources  on  w  hich  t  he  y  rely,  t  he  deg  re  e  of  t  ransp  arenc  y  in  t  heir
 op  erat  ion,  and  t  he  extent  of  human  oversig  ht  (e.g.  Mittelst  adt  et  a  l.,  2016).
 

In  t  he  next  s  e  c  t  ion,  we  pres  ent  empir  ica  l  e  vidence  f  rom  b  ot  h  t  he  IPU’s  (2025)
 classificat  ion  by  te  chnica  l  f  unc  t  ions  and  our  classificat  ion  by  configurat  ions  of
 infor  mat  ion  flow  b  etwe  en  ac  tors,  showing  how  t  he  two  appro  aches  generate
 dist  inc  t  but  complement  ar  y  insig  hts  into  c  ur  rent  p  atter  ns  of  diff  usion  of  p  arlia-
 ment  ar  y  AI  to  ols.
 

3.  AI  use  in  legislatures  worldwide:  comparative  findings
 

In  t  he  pre  vious  s  e  c  t  ion,  we  laid  out  a  t  he  oret  ica  l  f  rame  work  for  ana  lysing  p  ar-
 liament  ar  y  AI  to  ols.  We  now  tur  n  to  its  empir  ica  l  applicat  ion,  drawing  on  t  he
 IPU’s  mapping  of  AI  to  ols  in  p  arliaments.  Sp  e  cifica  l  ly,  we  us  e  dat  a  f  rom  t  he  IPU’s
 2025  sur  ve  y  on  AI  in  p  arliament,  to  w  hich  ele  ven  p  arliament  ar  y  chamb  ers  f  rom
 eig  ht  count  r  ies,  as  wel  l  as  t  he  Europ  e  an  Parliament,  cont  r  ibute  d.  Thes  e  ass  emblies
 repres  ent  a  convenience  s  ample  of  leg  islatures  for  w  hich  t  he  IPU  was  able  to  col  le  c  t
 sufficient  ly  det  ai  le  d  infor  mat  ion  and  are  t  herefore  not  ne  cess  ar  i  ly  repres  ent  at  ive  of
 a  l  l  p  arliaments  t  hat  may  have  adopte  d  or  are  consider  ing  adopt  ing  AI  to  ols.
 

The  core  argument  of  t  his  s  e  c  t  ion  is  t  hat  ana  lysis  b  ase  d  ent  irely  on  t  he  ‘w  hat’
 dimension  and  ana  lysis  b  ase  d  on  configurat  ions  of  infor  mat  ion  flows  b  etwe  en
 ac  tors  she  d  lig  ht  on  different  asp  e  c  ts  of  p  arliament  ar  y  AI  adopt  ion  and  integ  rat  ion.
 We  first  explore  p  atter  ns  of  AI  adopt  ion  using  t  he  IPU’s  categor  ies  b  ase  d  on
 te  chnica  l  f  unc  t  ions.  We  t  hen  examine  t  he  dist  r  ibut  ion  of  to  ols  across  our  classifi-
 cat  ion.  In  doing  s  o,  we  consider  a  range  of  inst  itut  iona  l  and  contextua  l  fac  tors  t  hat,
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combine  d  wit  h  t  he  infor  mat  ion  capture  d  by  t  he  D  ua  l-L  ayer  Mo  del,  help  explain
 var  iat  ion  in  our  outcomes  of  interest.  We  consider  contextua  l  fac  tors  t  hat  may
 foster  or  deter  t  he  a  l  lo  cat  ion  of  res  ources  and  invest  ment  in  AI  to  ols,  such  as  t  he
 st  ate  of  t  he  e  conomy  and  a  count  r  y’s  le  vel  of  te  chnolog  ica  l  de  velopment.  We  a  lso
 consider  inst  itut  iona  l  fac  tors  relate  d  to  a  leg  islature’s  st  r  uc  tura  l  charac  ter  ist  ics.
 These  bro  ad  ly  a  lig  n  wit  h  Leston-B  andeira’s  (2007)  ‘offline  charac  ter  ist  ics,’  w  hich
 include  a  p  arliament’s  inter  na  l  organizat  ion  and  t  he  extent  to  w  hich,  and  t  he
 manner  in  w  hich,  MPs  p  er  for  m  leg  islat  ive,  repres  ent  at  ive,  and  s  cr  ut  iny  f  unc  t  ions.
 

Toget  her,  t  hes  e  empir  ica  l  exercis  es  unders  core  t  he  complement  ar  y  ana  lyt  ica  l
 va  lue  of  t  he  two  p  ersp  e  c  t  ives.  C  omp  ar  ing  t  he  insig  hts  t  he  y  generate  clar  ifies  w  hat
 e  ach  p  ersp  e  c  t  ive  captures  and  i  l  lust  rates  w  hy  b  ot  h  are  us  ef  u  l  for  t  he  comp  arat  ive
 study  of  AI  in  p  arliament  ar  y  s  ett  ings.  We  do  not  for  mu  late  explicit  hyp  ot  hes  es
 for  eit  her  subs  e  c  t  ion.  As  note  d  ab  ove,  t  he  IPU  dat  a  rely  s  olely  on  infor  mat  ion
 f  rom  p  arliament  ar  y  administ  rat  ions  t  hat  resp  onde  d  to  t  he  sur  ve  y  and  t  herefore
 do  not  const  itute  a  comprehensive  census  of  a  l  l  AI  to  ols  c  ur  rent  ly  in  us  e  or  under
 de  velopment  worldwide.  More  over,  t  he  pur  p  os  e  of  t  his  s  e  c  t  ion  is  not  to  test  caus  a  l
 exp  e  c  t  at  ions  but  to  i  l  lust  rate  t  he  ana  lyt  ica  l  le  verage  of  t  he  two  p  ersp  e  c  t  ives  and  t  he
 dist  inc  t  insig  hts  t  he  y  ma  ke  p  ossible.  The  findings  pres  ente  d  here  shou  ld  t  herefore
 b  e  understo  o  d  as  explorator  y.
 

3.1  AI  ad  opti  on  p  atterns  across  core  func  ti  ons
 

We  b  eg  in  by  fo  c  using  on  t  he  ‘w  hat’  dimension  of  t  he  D  ua  l-L  ayer  Mo  del,  namely
 t  he  te  chnica  l,  ‘core’  f  unc  t  ion  p  er  for  me  d  by  e  ach  p  arliament  ar  y  AI  to  ol.  This
 dimension  is  ana  lyt  ica  l  ly  us  ef  u  l  b  e  caus  e  it  a  l  lows  us  to  address  a  first  quest  ion
 wit  hin  a  bro  ader  ‘p  olit  ica  l  e  conomy’  res  e  arch  agenda  on  p  arliament  ar  y  AI  ( Flor  idi
and  As  cani  2025:  42):  are  s  ome  typ  es  of  AI  to  ols  more  li  kely  to  b  e  adopte  d  t  han
 ot  hers  once  b  asic  differences  in  e  conomic,  dig  it  a  l,  and  organizat  iona  l  cap  acity  are
 t  a  ken  into  account?  In  ot  her  words,  are  p  arliaments  more  li  kely  to  invest  in  t  he
 de  velopment  of  sp  e  cific  s  ets  of  to  ols  t  han  ot  hers?  To  address  t  his  quest  ion,  we
 est  imate  a  log  it  mo  del  at  t  he  p  arliament  ar  y  chamb  er-core  f  unc  t  ion  dyad  le  vel.
 E  ach  chamb  er  cont  r  ibutes  six obs  er  vat  ions,  one  for  e  ach  core  f  unc  t  ion,  w  here
 e  ach  obs  er  vat  ion  repres  ents  a  p  otent  ia  l  opp  or  tunity  for  adopt  ion.  The  dep  endent
 var  iable  e  qua  ls  1  if  a  chamb  er  has  adopte  d  at  le  ast  one  AI  to  ol  wit  hin  t  he  rele  vant
 core  f  unc  t  ion,  and  0  ot  her  wis  e.
 

The  mo  del  includes  dummy  var  iables  for  t  he  six  core  f  unc  t  ion  categor  ies,
 wit  h  t  rans  cr  ipt  ion  and  t  ranslat  ion  as  t  he  omitte  d  reference  categor  y.  Thes  e  are
 op  erat  iona  lize  d  using  t  he  IPU’s  (2025a)  des  cr  iptors  reference  d  e  arlier  :  bi  l  l  draft  ing
 and  amendments;  chatb  ots  and  us  er  supp  or  t;  classificat  ion  systems;  c  y  b  ers  e  c  u-
 r  ity  and  applicat  ion  de  velopment;  public  engagement  and  op  en  p  arliament;  and
 t  rans  cr  ipt  ion  and  t  ranslat  ion.  We  supplemente  d  t  hes  e  dat  a  wit  h  a  limite  d  s  et  of
 inst  itut  iona  l  and  contextua  l  covar  iates  common  ly  ass  o  ciate  d  wit  h  te  chnolog  ica  l
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Table  1.  L  ogistic  regression  estimates 

Digital  Maturity  Index −  0.771  (0.367) 
L  og(GDP  p  er  capita) −  1.071  (0.546) 
L  og(Ass  embly  Size) −  0.222  (0.478) 
L  og(FTE  Parliamentar  y  Staff  ) 0.161  (0.293) 
C  ore  function  (Reference  categor  y  :  trans  cription  and  translation) 
Bill  drafting  and  amendments −  2.986 ∗∗

 (1.239) 
Chatb  ots  and  us  er  supp  or  t  −  2.222  (1.502) 
Classification  systems −  2.603  (1.562) 
Cy  b  ers  ec  urity  and  application  development  −  4.415 ∗∗

 (1.468) 
Public  engagement  and  op  en  parliament  −  3.848 ∗∗

 (1.380) 
C  onstant 12.434 ∗∗

 (4.808) 

Note:  Entries  are  logit  co  efficients.  Cluster-robust  standard  errors  (in  parenthes  es)  us  e  the  bias-reduced  linearization
 estimator  (CR2)  with  Satter  thwaite  small-sample  degrees-of-f  reedom  adjustments.  N  =  72.  ∗  P  <  .10,  ∗∗

 P  <  .05,
 ∗∗∗

 P  <  .01. 

de  velopment  in  p  arliaments:  t  he  IPU’s  dig  it  a  l  matur  ity  index,  GDP  p  er  capit  a,
 ass  embly  size,  and  f  u  l  l-t  ime  e  quiva  lent  (FTE)  p  arliament  ar  y  st  aff  cap  acity,  wit  h  t  he
 latter  t  hre  e  log-t  ransfor  me  d.  For  GDP  p  er  capit  a  and  t  he  Dig  it  a  l  Matur  ity  Index,
 we  us  e  d  2024 dat  a.  For  t  he  remaining  var  iables,  we  us  e  t  he  most  re  cent  avai  lable
 dat  a  p  oint.  Fur  t  her  det  ai  ls  on  dat  a  s  ources,  var  iable  op  erat  iona  lizat  ion,  and  t  he
 empir  ica  l  st  rateg  y  are  avai  lable  in  t  he  App  endix  (S  e  c  t  ion  A1).  The  est  imates  shou  ld
 b  e  inter  prete  d  wit  h  caut  ion.  Alt  houg  h  t  he  dyadic  st  r  uc  ture  provides  72  obs  er-
 vat  ions,  t  he  ana  lysis  is  b  ase  d  on  on  ly  twelve  p  arliament  ar  y  chamb  ers  include  d
 in  t  he  IPU  do  c  ument  at  ion.  Thes  e  const  itute  a  convenience  s  ample  rat  her  t  han
 a  repres  ent  at  ive  s  ample  of  leg  islatures  worldwide.  Therefore,  t  he  mo  del  aims  to
 i  l  lust  rate  t  he  ana  lyt  ica  l  va  lue  of  t  he  ‘w  hat’  dimension  rat  her  t  han  offer  definit  ive
 e  vidence  on  t  he  fac  tors  influencing  p  arliament  ar  y  AI  adopt  ion.
 

Table  1  rep  or  ts  t  he  f  u  l  l  s  et  of  reg  ression  est  imates.  The  cont  inuous  covar  iates
 do  not  show  cle  ar  or  robust  ass  o  ciat  ions  wit  h  t  he  prob  abi  lity  of  adopt  ing  a  g  iven
 typ  e  of  AI  to  ol  once  differences  across  core  f  unc  t  ions  and  t  he  sma  l  l  numb  er  of
 clusters  are  accounte  d  for.  By  cont  rast,  t  he  co  efficients  for  t  he  core  f  unc  t  ions  re  ve  a  l
 a  more  consistent  p  atter  n.  Relat  ive  to  t  rans  cr  ipt  ion  and  t  ranslat  ion,  to  ols  relate  d
 to  bi  l  l  draft  ing  and  amendments,  c  y  b  ers  e  c  ur  ity  and  applicat  ion  de  velopment,
 and  public  engagement  and  op  en  p  arliament  are  sig  nificant  ly  less  li  kely  to  b  e
 adopte  d.  C  lassificat  ion  systems  and  chatb  ots  and  us  er  supp  or  t  p  oint  in  t  he  s  ame
 dire  c  t  ion,  a  lt  houg  h  t  hes  e  differences  do  not  re  ach  convent  iona  l  le  vels  of  st  at  ist  ica  l
 sig  nificance  in  our  s  ample.
 

Figure  3  t  ranslates  t  hes  e  est  imates  into  pre  dic  te  d  adopt  ion  prob  abi  lit  ies,  hold-
 ing  t  he  cont  inuous  covar  iates  at  t  heir  me  an  va  lues.  A  cle  ar  ran  king  emerges.  Tran-
 s  cr  ipt  ion  and  t  ranslat  ion  app  e  ars  as  t  he  core  f  unc  t  ion  wit  h  t  he  hig  hest  pre  dic  te  d
 prob  abi  lity  of  adopt  ion,  fol  lowe  d  by  chatb  ots  and  us  er  supp  or  t  and  classificat  ion
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Figure  3.  Predicted  adoption  probability  of  AI  tools  by  core  function.  

systems.  Bi  l  l  draft  ing  and  amendments  and  public  engagement  and  op  en  p  arlia-
 ment  o  cc  upy  a  lower  p  osit  ion,  w  hi  le  c  y  b  ers  e  c  ur  ity  and  applicat  ion  de  velopment  is
 t  he  le  ast  li  kely  to  b  e  adopte  d.
 

Figure  3  refle  c  ts  p  atter  ns  consistent  wit  h  t  he  e  arlier  ‘  inter  net  wave’  literature  on
 p  arliaments,  w  hich  hig  h  lig  hte  d  t  he  imp  or  t  ance  of  te  chnolog  ies  relate  d  to  t  he  web-
 b  ase  d  publicat  ion  and  access  to  deb  ates,  as  wel  l  as  to  infor  mat  ion  management
 t  hroug  h  met  adat  a,  s  e  arch  f  unc  t  ions,  and  web  p  or  t  a  ls.  In  p  ar  t  ic  u  lar,  t  he  hig  her
 pre  dic  te  d  adopt  ion  prob  abi  lit  ies  for  t  he  t  rans  cr  ipt  ion  and  t  ranslat  ion  categor  y,
 a  longside  classificat  ion  systems  and  chatb  ots,  p  oint  to  t  he  cont  inue  d  rele  vance
 of  t  hes  e  do  c  ument  at  ion-  and  infor  mat  ion-relate  d  f  unc  t  ions.  Fur  t  her  more,  t  his
 p  atter  n  sug  gests  t  hat  t  he  to  ols  most  re  adi  ly  adopt  able  are  t  hos  e  t  hat  extend  e  arlier
 t  raj  e  c  tor  ies  of  p  arliament  ar  y  dig  it  a  lizat  ion  cent  re  d  on  do  c  ument  at  ion,  infor  ma-
 t  ion  management,  and  inter  na  l  supp  or  t,  rat  her  t  han  on  more  interac  t  ive,  p  ar  t  ici-
 p  ator  y  channels  dire  c  te  d  at  cit  izens  ( S  er  ra-Si  lva  2022).  Whet  her  t  hes  e  f  unc  t  ions
 are  wel  l  est  ablishe  d  or  ne  w  ly  emerg  ing,  t  he  integ  rat  ion  of  AI  may  enable  t  he
 de  velopment  of  to  ols  cap  able  of  p  er  for  ming  t  asks  wit  h  unpre  ce  dente  d  sp  e  e  d,
 s  ca  le,  and  pre  cision.  For  example,  Búss  ola  Te  ch  (2024)  sp  e  c  u  lates  t  hat  ne  w  to  ols
 wi  l  l  b  e  de  velop  e  d  to  hand  le  const  ituents’  re  quests,  faci  lit  ate  t  he  t  ranslat  ion  of
 public  preferences  into  leg  islat  ive  prop  os  a  ls,  and  st  re  am  line  t  he  pro  cessing  of
 infor  mat  ion  provide  d  by  wit  ness  es  dur  ing  committe  e  he  ar  ings.
 

Fina  l  ly,  we  note  t  hat  t  he  rele  vance  of  t  hes  e  findings  extends  b  e  yond  t  he  nar  row
 quest  ion  of  w  hich  to  ols  are  adopte  d  first.  Even  s  e  eming  ly  ‘low-le  vel’  f  unc  t  ions  such
 as  t  rans  cr  ipt  ion,  t  ranslat  ion,  or  summar  izat  ion  are  not  ne  cess  ar  i  ly  nor  mat  ively
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neut  ra  l.  B  e  caus  e  t  he  y  shap  e  t  he  pro  duc  t  ion,  organizat  ion,  and  circ  u  lat  ion  of
 p  arliament  ar  y  infor  mat  ion,  t  he  y  may  influence  t  he  infor  mat  iona  l  b  asis  on  w  hich
 p  arliament  ar  y  ac  tors  work  and  ma  ke  de  cisions  ( Mobi  lio  et  a  l.,  2026).  This  is
 pre  cisely  w  here  t  he  bro  ader  ana  lyt  ica  l  va  lue  of  t  he  ‘w  hat’  dimension  b  e  comes
 cle  ar.  Infor  mat  ion  on  t  he  s  ources  on  w  hich  t  he  to  ol  relies,  t  he  ways  in  w  hich
 outputs  are  generate  d  and  pro  cess  e  d,  and  t  he  deg  re  e  of  t  ransp  arenc  y,  t  race  abi  lity,
 ver  ifiabi  lity,  and  human  oversig  ht  bui  lt  into  t  he  system  can  help  e  va  luate  concer  ns
 relate  d  to  er  ror,  op  acity,  and  demo  crat  ic  account  abi  lity  ( Tretter  2025).  Whi  le
 g  re  ater  t  ransp  arenc  y  and  oversig  ht  may  mit  igate  t  hes  e  r  isks,  AI  systems  t  hat
 remain  op  aque  may  st  i  l  l  war  rant  caut  ion,  esp  e  cia  l  ly  w  hen  t  heir  outputs  fe  e  d
 into  p  olit  ica  l  ly  cons  e  quent  ia  l  de  cisions.  For  t  his  re  as  on,  t  he  ‘w  hat’  dimension
 is  us  ef  u  l  not  on  ly  for  ident  if  ying  t  he  to  ols  t  hat  are  spre  ading  more  rapid  ly,  but
 a  lso  for  underst  anding  under  w  hat  condit  ions  t  hes  e  de  velopments  may  b  e  come
 problemat  ic  for  demo  crac  y  ( Fitsi  lis  and  de  Almeida  2024).
 

3.2  Patterns  b  as  e  d  on  the  classifi  c  ati  on  of  AI  to  ols  by  informati  on  fl  ow
 b  etwe  en  ac  tors
 

S  o  far,  we  have  examine  d  p  atter  ns  of  AI-to  ol  adopt  ion  across  t  he  leg  islatures  in
 our  s  ample  by  fo  c  using  on  core  f  unc  t  ions.  We  now  shift  attent  ion  to  how  AI
 to  ols  supp  or  t  different  inst  itut  iona  l  f  unc  t  ions  wit  hin  p  arliament  and  to  t  he  ac  tors
 involve  d  in  t  heir  us  e.  Drawing  once  again  on  t  he  IPU’s  sur  ve  y  of  p  arliamen-
 t  ar  y  AI  to  ols,  we  ana  lys  e  t  he  72  mapp  e  d  to  ols  using  our  classificat  ion  b  ase  d  on
 configurat  ions  of  infor  mat  ion  flow  b  etwe  en  ac  tors  (s  e  e  S  e  c  t  ion  2.1)  and  dis  c  uss
 how  t  he  resu  lt  ing  p  atter  ns  relate  to  t  he  main  f  unc  t  ions  of  p  arliament  and  to
 bro  ader  st  rateg  ic  p  atter  ns  of  AI  adopt  ion,  fol  lowing  pre  vious  work  on  ICTs  (e.g.
 L  eston-B  andeira  2014).
 

In  Table  A3  in  t  he  App  endix,  we  bre  a  k  down  t  he  72  p  arliament  ar  y  AI  to  ols
 mapp  e  d  by  t  he  IPU  by  input  provider  and  imme  diate  output  re  cipient.  We  b  eg  in
 by  not  ing  t  hat,  in  most  cas  es,  t  hes  e  to  ols  are  ‘s  elf-s  er  ving,’  me  aning  t  hat  t  he
 input  provider  cor  resp  onds  to  t  he  imme  diate  output  re  cipient,  for  example,  w  hen
 outputs  s  olicite  d  by  leg  islators  are  retur  ne  d  to  leg  islators  (s  e  e  a  lso  Fig.  A1  in  t  he
 App  endix).  We  ident  if  y  on  ly  5  out  of  72  to  ols  t  hat  involve  different  input  providers
 and  output  re  cipients.  One  example  is  a  to  ol  de  velop  e  d  by  t  he  Brazi  lian  C  hamb  er
 of  D  eput  ies  t  hat  col  le  c  ts  cit  izens’  comments  on  bi  l  ls  and  summar  izes  t  he  main
 arguments  for  and  against  a  prop  os  a  l  for  leg  islators  to  re  vie  w.
 

A  s  e  cond  not  able  p  atter  n  is  t  hat  t  he  pr  imar  y  us  ers  of  p  arliament  ar  y  AI  to  ols
 are  p  arliament  ar  y  st  aff,  far  more  s  o  t  han  MPs,  p  arliament  ar  y  offices,  or  t  he  public.
 This  finding  sug  gests  t  hat  t  he  c  ur  rent  wave  of  p  arliament  ar  y  AI  adopt  ion  is
 pr  imar  i  ly  ass  o  ciate  d  wit  h  st  rengt  hening  leg  islatures’  inter  na  l  infor  mat  iona  l  and
 administ  rat  ive  inf  rast  r  uc  ture.  If  t  his  t  raj  e  c  tor  y  cont  inues,  AI  is  li  kely  to  cont  r  ibute
 ab  ove  a  l  l  to  ma  king  inter  na  l  p  arliament  ar  y  pro  cess  es  faster,  more  manage  able,
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and  more  accessible.  More  bro  ad  ly,  t  he  p  atter  n  a  lig  ns  wit  h  wider  t  rends  across
 s  e  c  tors,  w  here  AI  has  b  e  en  adopte  d  pre  dominant  ly  to  automate  rep  et  it  ive,  lab  our-
 intensive,  and  t  ime-consuming  t  asks  ( Jin  et  a  l.,  2025).  In  demo  crat  ic  ter  ms,  t  his
 resu  lt  is  consistent  wit  h  res  e  arch  sug  gest  ing  t  hat  contemp  orar  y  leg  islatures  often
 s  e  ek  to  reinforce  t  heir  leg  it  imac  y  t  hroug  h  effe  c  t  ive  output  and  organizat  iona  l
 p  er  for  mance  as  much  as,  or  more  t  han,  t  hroug  h  t  he  exp  ansion  of  p  ar  t  icip  ator  y
 channels  ( Judge  and  L  eston-B  andeira  2021;  Bres  ciani  2025).
 

O  ur  classificat  ion  a  l  lows  us  to  move  b  e  yond  t  his  ag  g  regate  p  atter  n  and  examine
 w  het  her  dist  inc  t  nat  iona  l  profi  les  emerge  by  fo  c  using  on  t  he  ac  tors  involve  d  in  t  he
 us  e  of  AI  to  ols  and  t  he  inst  itut  iona  l  f  unc  t  ions  t  he  y  supp  or  t,  rat  her  t  han  on  t  he
 te  chnica  l  f  unc  t  ions  a  lone.  In  Fig.  4,  we  dis  ag  g  regate  t  he  72  to  ols  by  p  arliamen-
 t  ar  y  chamb  er  and  categor  y  using  our  classificat  ion.  The  top  p  anel  pres  ents  t  he
 raw  counts  of  AI  to  ols  int  ro  duce  d  by  e  ach  leg  islature,  g  roup  e  d  by  classificat  ion
 categor  y,  w  hi  le  t  he  b  ottom  p  anel  shows  t  he  s  ame  dist  r  ibut  ion  as a  p  ercent  age  of
 t  he  tot  a  l  numb  er  of  to  ols  int  ro  duce  d  by  t  he  leg  islatures  in  our  s  ample.  4

Whi  le  t  he  two  p  anels  confir  m  t  hat  st  aff  supp  or  t  (cler  ica  l  efficienc  y)  is  t  he
 dominant  categor  y  in  t  he  c  ur  rent  us  e  of  p  arliament  ar  y  AI,  Fig.  4  a  lso  re  ve  a  ls
 some  var  iat  ion  across  t  he  p  arliament  ar  y  chamb  ers  include  d  in  our  s  ample.  5 This
 sug  gests,  a  lb  eit  caut  iously,  t  hat  p  arliament  ar  y  AI  de  velopment  may  not  b  e  moving
 in  t  he  s  ame  dire  c  t  ion  e  ver  y  w  here.  Wit  hin  t  his  limite  d  s  et  of  cas  es,  t  he  cle  arest
 dep  ar  tures  f  rom  t  he  dominant  efficienc  y-le  d  p  atter  n  app  e  ar  in  t  he  S  out  h  Amer  ican
 chamb  ers.  Where  as  many  of  t  he  Europ  e  an  and  ot  her  Wester  n  leg  islatures  in
 t  he  s  ample  main  ly  rely  on  inter  na  l-to-inter  na  l  to  ols,  esp  e  cia  l  ly  t  hos  e  us  e  d  by
 p  arliament  ar  y  st  aff  and  for  do  c  ument  at  ion  and  infor  mat  ion  management,  t  he
 C  hi  le  an  C  hamb  er  of  D  eput  ies  and,  in  a  different  way,  t  he  Brazi  lian  C  ong  ress
 app  e  ar  to  b  e  using  AI  to  ols  t  hat  supp  or  t  a  wider  range  of  inst  itut  iona  l  f  unc  t  ions,
 extending  b  e  yond  efficienc  y.
 

The  cle  arest  example  is  t  he  C  hi  le  an  C  hamb  er  of  D  eput  ies,  w  hich  has  int  ro  duce  d
 nine  to  ols  desig  ne  d  to  supp  or  t  MPs’  ac  t  ivit  ies.  Thes  e  to  ols  assist  leg  islators  in
 draft  ing  prop  os  a  ls,  for  mu  lat  ing  arguments  for  or  against  prop  os  a  ls  under con-
 siderat  ion,  answer  ing  quest  ions  on  p  arliament  ar  y  pro  ce  dure  or  lega  l  nor  ms,  and
 monitor  ing  exp  ens  es  and  a  l  lowances.  In  t  his  s  ens  e,  C  hi  le  comes  clos  est  in  our

4A  hierarchical  cluster  ing  (Ward.D2  linkage,  Euclidean  distance)  of  the  parliamentar  y  chamb  er  by
 classification  categor  y-bas  ed  class  matr  ix  confir  ms  thes  e  patter  ns  (s  ee  the  heatmaps  with  dendro-
 grams  in  Fig.  A3  in  the  App  endix).  
5In  abs  olute  ter  ms,  almost  half  of  the  mapp  ed  to  ols  (35/72)  fall  in  this  categor  y,  with  the  Italian
 Parliament  standing  out  most  clearly  (s  ee  als  o  Citino  2025).  Thes  e  include  to  ols  for  trans  cr  iption
 and  translation,  summar  ization,  compar  is  on,  and  the  cataloguing  of  records  of  parliamentar  y
 pro  ceedings  and  related  do  c  uments.  This  patter  n  als  o  app  ears  in  relative  ter  ms  across  chamb  ers:  the
 Israeli  Kness  et  and  the  C  anadian  Hous  e  of  C  ommons  app  ear  to  fo  c  us  exclusively  on  staff  supp  or  t
 and  cler  ical  efficienc  y,  and  in  all  parliamentar  y  chamb  ers  except  the  Chilean  Chamb  er  of  D  eputies,
 the  Brazilian  S  enate,  and  the  B  ahrain  C  ouncil  of  Repres  entatives,  50%  or  more  of  the  to  ols  fall  into
 this  categor  y.  
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Figure  4.  Heatmaps  of  AI  tools  by  classification  category  and  parliamentary  chamber.  

s  ample  to  a  ‘do-it-yours  elf  p  arliament,’  in  w  hich  AI  incre  asing  ly  enables  ele  c  te  d
 repres  ent  at  ives  to  p  er  for  m  t  asks  t  hat  involve  a  lower  deg  re  e  of  me  diat  ion  by  clerks
 or  sp  e  cia  lize  d  st  aff.  This  is  imp  or  t  ant  b  e  caus  e  it  shows  t  hat  p  arliament  ar  y  AI  is  not
 confine  d  to  rout  ine  administ  rat  ion.  It  can  a  lso  enter  t  he  p  olit  ica  l  ly  s  a  lient  sphere  of
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repres  ent  at  ive  work  and,  in  doing  s  o,  p  otent  ia  l  ly  a  lter  t  he  b  a  lance  b  etwe  en  ele  c  te  d
 repres  ent  at  ives  and  t  he  administ  rat  ive  app  aratus  on  w  hich  t  he  y  have  t  radit  iona  l  ly
 relie  d  ( Saa  lfeld  et  a  l.,  2022).
 

Public-input  to  ols  remain  relat  ively  rare.  As  ment  ione  d  e  arlier,  t  he  Brazi  lian
 C  hamb  er  of  D  eput  ies  provides  t  he  cle  arest  cas  e,  t  hroug  h  a  system  t  hat  pro  cess  es
 cit  izens’  comments  on  bi  l  ls  and  organizes  t  hem  for  leg  islators  to  re  vie  w  ( da  Si  lva
et  a  l.,  2021;  IPU  2022). 6 The  uniqueness  of  t  his  cas  e  is  its  elf  re  ve  a  ling.  In  pr  inciple,
 such  a  to  ol  sp  e  a  ks  dire  c  t  ly  to  p  arliament’s  repres  ent  at  ive  f  unc  t  ion,  as  it  helps
 t  ransfor  m  large  volumes  of  cit  izen  input  into  a  for  m  t  hat  can  b  e  us  e  d  in  leg  islat  ive
 work.  Yet  its  rar  ity  sug  gests  t  hat  t  hes  e  to  ols  remain  diffic  u  lt  to  inst  itut  iona  lize:  t  he  y
 re  quire  leg  islatures  not  on  ly  to  pro  cess  infor  mat  ion  but  a  lso  to  de  cide  how  public
 input  is  fi  ltere  d,  ag  g  regate  d,  and  t  ranslate  d  into  us  able  output  for  p  arliament  ar  y
 ac  tors.  This  li  kely  ent  ai  ls  hig  her  organizat  iona  l  and  p  olit  ica  l  costs,  as  wel  l  as
 g  re  ater  r  isks  relate  d  to  mo  derat  ion,  bias,  and  incre  as  e  d  dig  it  a  l  divide  among  t  he
 popu  lat  ion.  In  addit  ion,  p  arliament  ar  y  administ  rat  ions  may  vie  w  public-facing  or
 p  ar  t  icip  ator  y  AI  to  ols  as  yielding  less  imme  diate  or  t  ang  ible  retur  ns  t  han  to  ols
 t  hat  re  duce  work  lo  ads,  accelerate  do  c  ument  at  ion  and  infor  mat  ion  pro  cessing,  and
 improve  inter  na  l  efficienc  y.  This  inter  pret  at  ion  is  reinforce  d  by  emerg  ing  e  vidence
 on  public  att  itudes,  w  hich  sug  gests  t  hat,  among  cit  izens  a  lre  ady  s  cept  ica  l  ab  out
 p  arliament  ar  y  AI,  t  he  mere  adopt  ion  of  such  to  ols  do  es  not  ne  cess  ar  i  ly  incre  as  e
 t  r  ust  in  repres  ent  at  ive  inst  itut  ions  ( Picker  ing  et  a  l.,  2025).
 

Toget  her,  t  hes  e  findings  reinforce  two  bro  ader  conclusions.  First,  t  he  y  confir  m
 t  hat  t  he  c  ur  rent  wave  of  p  arliament  ar  y  AI  adopt  ion  is  dr  iven  pre  dominant  ly  by
 inter  na  l  efficienc  y  gains,  p  ar  t  ic  u  larly  t  hroug  h  to  ols  t  hat  accelerate  do  c  ument  at  ion
 and  infor  mat  ion  pro  cessing  and  supp  or  t  t  he  management  of  p  arliament  ar  y  busi-
 ness  ( Jin  et  a  l.,  2025).  S  e  cond,  t  he  y  show  t  hat  t  his  genera  l  t  rend  do  es  not  amount
 to  convergence  towards  a  common  p  or  t  folio  of  p  arliament  ar  y  AI  to  ols  across
 leg  islatures.  Even  wit  hin  an  overa  l  l  efficienc  y-le  d  t  raj  e  c  tor  y,  different  p  arliaments
 combine  to  ols  in  different  ways  and  pr  ior  it  ize  different  inst  itut  iona  l  f  unc  t  ions.
 Thes  e  differences  are  ana  lyt  ica  l  ly  imp  or  t  ant,  as  t  he  y  may  refle  c  t  dist  inc  t  st  rateg  ic
 log  ics  in  how  p  arliaments  s  e  ek  to  mo  der  nize  t  hems  elves.  Te  chnolog  ica  l  change
 app  e  ars  to  b  e  fi  ltere  d  t  hroug  h  pre-exist  ing  organizat  iona  l  pr  ior  it  ies,  inst  itut  iona  l
 legacies,  and  p  olit  ica  l  choices,  rat  her  t  han  le  ading  to  t  he  s  ame  p  atter  n  of  de  velop-
 ment  across  leg  islatures.
 

6This  innovation  builds  on  Brazil’s  long-standing  investment  in  digital  par  ticipation  platfor  ms  such
 as  e-D  emocracia  for  the  Chamb  er  of  D  eputies,  first  de  velop  ed  in  2009,  and  e-Cidadania  for  the
 S  enate,  launched  in  2012,  throug  h  w  hich  large  volumes  of  citizen  input  (s  ometimes  reaching  tens  of
 thousands  of  comments  p  er  prop  osal)  are  pro  cess  ed  using  natural-language  pro  cessing  techniques
 to  generate  summar  ies  for  legislators.  Brazil  thus  repres  ents  one  of  the  most  digitally  mature
 parliaments  worldwide,  with  a  long-standing  strateg  y  of  using  digital  to  ols  to  expand  par  ticipation
 and  op  enness,  within  w  hich  AI  has  b  een  progressively  integrated  (Inter-Parliamentar  y  Union  2022).
 This  helps  explain  w  hy  Brazil  stands  out  in  our  sample  in  ter  ms  of  public-input  to  ols.  
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4.  Conclusion
 

This  ar  t  icle  has  int  ro  duce  d  t  he  D  ua  l-L  ayer  Mo  del  as  a  f  rame  work  for  comp  ar  ing
 p  arliament  ar  y  AI  to  ols  and  applie  d  it  to  t  he  cas  es  do  c  umente  d  by  t  he  IPU.  By
 dist  inguishing  b  etwe  en  t  he  ‘w  hat’  dimension,  w  hich  captures  a  to  ol’s  te  chnica  l
 f  unc  t  ion,  and  t  he  ‘f  rom/to  w  hom’  dimension,  w  hich  ident  ifies  w  here  inputs  come
 f  rom  and  w  here  outputs  go,  t  he  ar  t  icle  has  shown  how  p  arliament  ar  y  AI  to  ols
 can  b  e  systemat  ica  l  ly  classifie  d  and  ana  lys  e  d  across  p  arliament  ar  y  chamb  ers  and
 over  t  ime.  Bui  lding  on  t  his  f  rame  work,  we  de  velop  e  d  a  classificat  ion  of  AI  to  ols
 t  hat  captures  how  t  he  y  supp  or  t  different  inst  itut  iona  l  f  unc  t  ions  wit  hin  p  arliament,
 b  ase  d  on  configurat  ions  of  infor  mat  ion  flow  b  etwe  en  ac  tors.  We  applie  d  our
 f  rame  work  to  examine  c  ur  rent  p  atter  ns  of  adopt  ion  across  ele  ven  p  arliament  ar  y
 chamb  ers  f  rom  eig  ht  count  r  ies,  as  wel  l  as  t  he  Europ  e  an  Parliament.  In  t  his  way,
 t  he  ar  t  icle  aims  to  provide  b  ot  h  an  ana  lyt  ica  l  f  rame  work  for  f  uture  res  e  arch  and
 explorator  y  comp  arat  ive  e  vidence  on  how  AI  is  c  ur  rent  ly  b  eing  woven  into  t  he
 fabr  ic  of  p  arliament  ar  y  inst  itut  ions.
 

The  va  lue  of  underst  anding  t  he  adopt  ion  of  AI  in  p  arliament  as  a  layere  d  pro-
 cess  b  e  comes  esp  e  cia  l  ly  app  arent  w  hen  we  ana  lys  e  t  he  findings  f  rom  b  ot  h  dimen-
 sions  toget  her.  The  ‘w  hat’  dimension  p  ar  t  indicates  t  hat  te  chnica  l  f  unc  t  ions  are  not
 adopte  d  e  ven  ly  across  leg  islatures.  For  inst  ance,  to  ols  desig  ne  d  for  t  rans  cr  ipt  ion
 and  t  ranslat  ion  tend  to  b  e  more  li  kely  to  b  e  adopte  d  t  han  t  hos  e  relate  d  to  c  y  b  er-
 s  e  c  ur  ity,  leg  islat  ive  draft  ing,  or  public  engagement.  Howe  ver,  lo  oking  at  t  his  a  lone
 do  es  not  clar  if  y  how  t  hes  e  te  chnolog  ies  are  integ  rate  d  wit  hin  p  arliament  ar  y  s  et-
 t  ings  or  s  ay  anyt  hing  ab  out  w  hich  ac  tors  b  enefit  t  he  adopt  ion  of  sp  e  cific  to  ols.
 The  ‘f  rom/to  w  hom’  dimension,  w  hen  combine  d  wit  h  t  he  dire  c  t  ion  of  infor  mat  ion
 flow,  complements  t  he  ‘w  hat’  dimension-relate  d  e  vidence.  It  adds  to  our  under-
 st  anding  of  AI  te  chnolog  ies  in  p  arliament  by  i  l  lust  rat  ing  t  hat  exist  ing  to  ols  are
 aime  d  at  different  ac  tors,  a  lt  houg  h  p  arliament  ar  y  st  aff  are  by  far  t  he  most  common
 us  ers.  Most  exist  ing  to  ols  t  herefore  pr  imar  i  ly  supp  or  t  cler  ica  l  t  asks,  en  hancing
 cler  ica  l  efficienc  y,  rat  her  t  han  supp  or  t  ing  MPs’  subst  ant  ive  ac  t  ivit  ies  or  promot  ing
 cit  izen  engagement.  Thus,  w  hi  le  t  he  two  dimensions  are  ana  lyt  ica  l  ly  s  ep  arate,
 t  he  y  are  a  lso  systemat  ica  l  ly  interconne  c  te  d:  te  chnica  l  f  unc  t  ions  shap  e  t  he  range  of
 p  otent  ia  l  applicat  ions,  w  hi  le  t  he  involvement  of  var  ious  ac  tors  hig  h  lig  hts  t  he  inst  i-
 tut  iona  l  f  unc  t  ion  t  hat  t  hes  e  te  chnolog  ies  s  er  ve  in  t  he  context  of  ele  c  te  d  ass  emblies.
 

C  onsider  ing  t  he  two  layers  toget  her  a  l  lows  us  to  hig  h  lig  ht  cross-p  arliament  ar  y
 var  iat  ions  more  cle  arly,  and  it  a  l  lows  for  t  he  ident  ificat  ion  of  me  aning  f  u  l  nuances
 regarding  t  he  overa  l  l  efficienc  y-le  d  p  atter  n.  In  t  his  resp  e  c  t,  our  resu  lts  are
 consistent  wit  h  pre  vious  res  e  arch  on  ICTs  in  p  arliament,  w  hich  has  shown  t  hat
 leg  islatures  tend  to  pr  ior  it  ize  te  chnolog  ies  t  hat  st  rengt  hen  leg  islat  ive  infor  mat  ion,
 t  he  management  of  p  arliament  ar  y  business,  and  inter  na  l  administ  rat  ion  over
 more  p  ar  t  icip  ator  y  or  cit  izen-facing  innovat  ions  ( S  er  ra-Si  lva  2022).  At  t  he  s  ame
 t  ime,  t  he  e  vidence  do  es  not  p  oint  to  convergence  towards  a  common  p  or  t  folio
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of  AI  to  ols  across  leg  islatures.  The  C  hi  le  an  C  hamb  er  of  D  eput  ies  st  ands  out  for
 its  emphasis  on  to  ols  t  hat  dire  c  t  ly  supp  or  t  MPs’  ac  t  ivit  ies,  w  hi  le  t  he  Brazi  lian
 C  hamb  er  of  D  eput  ies  provides  a  rare  example  of  a  to  ol  t  hat  pro  cess  es  cit  izen  input
 for  leg  islators.  Parliaments  t  herefore  app  e  ar  to  b  e  ass  embling  different  p  or  t  folios
 of  AI  to  ols  t  hat  may  refle  c  t  dist  inc  t  organizat  iona  l  pr  ior  it  ies,  inst  itut  iona  l  legacies,
 and  st  rateg  ic  choices  (e.g.  L  eston-B  andeira  2014).  C  as  es  such  as  C  hi  le  and  Brazi  l
 are  esp  e  cia  l  ly  inst  r  uc  t  ive  in  t  his  regard,  as  t  he  y  sug  gest  t  hat  p  arliament  ar  y  AI  may
 de  velop  a  long  p  at  hs  t  hat  dep  ar  t  f  rom  t  he  pres  ent  dominant  efficienc  y-le  d  p  atter  n.
 

Future  res  e  arch  cou  ld  bui  ld  on  t  hes  e  findings  in  at  le  ast  two  dire  c  t  ions.  One
 quest  ion  t  hat  des  er  ves  clos  er  invest  igat  ion  is  w  het  her  t  he  p  or  t  folios  of  AI  to  ols
 adopte  d  by  different  leg  islatures  refle  c  t  bro  ader  st  rateg  ic  pr  ior  it  ies,  inst  itut  iona  l
 const  raints,  cont  ingent  p  olit  ica  l  pressures,  or  t  he  extension  of  e  arlier  t  raj  e  c  tor  ies
 of  p  arliament  ar  y  dig  it  a  lizat  ion.  Q  ua  lit  at  ive  and  cas  e-sp  e  cific  res  e  arch  wou  ld  b  e
 esp  e  cia  l  ly  us  ef  u  l  for  clar  if  ying  w  hy  s  ome  chamb  ers,  including  t  he  S  out  h  Amer  ican
 cas  es  hig  h  lig  hte  d  here,  app  e  ar  to  pr  ior  it  ize  s  ets  of  to  ols  t  hat  differ  f  rom  t  he
 dominant  efficienc  y-le  d  p  atter  n.  Future  res  e  arch  shou  ld  a  lso  examine  w  het  her  t  he
 concent  rat  ion  of  p  ar  t  ic  u  lar  typ  es  of  AI  to  ols  shap  es  t  he  b  ehaviour  of  p  arliament  ar  y
 ac  tors  t  hems  elves.  For  inst  ance,  a  wider  diff  usion  of  AI  to  ols  t  hat  dire  c  t  ly  supp  or  t
 leg  islat  ive  ac  t  ivit  ies  may  a  lter  t  he  b  a  lance  b  etwe  en  MPs,  p  ar  t  ies,  and  p  arliament  ar  y
 st  aff,  p  otent  ia  l  ly  incre  asing  t  he  infor  mat  iona  l  autonomy  of  individua  l  leg  islators
 and,  in  s  ome  cas  es,  t  heir  cap  acity  to  ac  t  more  indep  endent  ly  of  t  he  p  ar  ty  line. 
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